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Publications
  Note - This page is no longer being maintained.  Click here to access the new TCIA Publications page.

When data is submitted to TCIA it undergoes an extensive curation process to assure completeness, proper formatting to 
facilitate discovery and data reuse and removal of all protected health information.  Once data is released on the public 
TCIA repository it is  to the world.  This publication is associated with the creation of a Digital Object Published
Identifier that allows direct access to the data. 

In addition to data publication via TCIA we strongly urge researchers who submit data to TCIA to also submit a Data 
Descriptor publication to a journal such as .  In this type of publication the authors will describe Nature Scientific Data
the data acquisition process, the experiment that drove this data collection and value of the data for future research (see 
each journal for specific content requirements).  A Data Descriptor is a scientific paper that includes the DOI to the data 
previously published on TCIA and helps to call the attention of the scientific community to the data you have 
submitted.  The details provided in a Data Descriptor publication greatly enhance the value of your contribution. 

A Data Descriptor is different from a scholarly paper in which you describe your experiment and present the results of 
your analysis.  Many journals do not provide sufficient space for details of data acquisition.  So today you can provide 
those details and the data you collected by making full use of TCIA and journals that support data publication.  In 
summary we urge you to:

Submit your data to TCIA for publication.

Submit a Data Descriptor article including the TCIA provided DOI to describe your data and how it was acquired.

Submit a paper describing your experiment and results.

Please remember in all of your publications based on TCIA data to include  so we can appropriate references to TCIA
identify your publications, reference them, and make them easily available to other researchers from the TCIA web site. 
These citations are critical for providing continued justification of funding from the agencies that support TCIA, and are 
what allow us to provide this data to you free of charge. Guidelines for how to cite TCIA can be found on our Citation 

.  In addition we would like to list these publications here on our web site. If you have utilized Guidelines wiki page
TCIA in your research please contact us at   so that we can include your publications in help@cancerimagingarchive.net
the list below. The publication list below includes references to the original data collection as well as publications that 
specifically used data from TCIA.

A listing of published analysis results data sets based upon TCIA-hosted data is provided here.

Download citation list (Endnote XML format)

For convenience you can also obtain the publications specifically based on TCIA in Endnote XML format: Pubs_basedon
. This should be usable as input to your favorite reference management system. _TCIA_1218.xml

TCIA-Related Publication History

https://www.cancerimagingarchive.net/publications/
http://www.nature.com/sdata/
https://wiki.cancerimagingarchive.net/display/Public/Data+Usage+Policies+and+Restrictions
https://wiki.cancerimagingarchive.net/x/fgMy
https://wiki.cancerimagingarchive.net/x/fgMy
mailto:help@cancerimagingarchive.net
https://wiki.cancerimagingarchive.net/display/DOI/TCIA+Analysis+Results
https://wiki.cancerimagingarchive.net/download/attachments/19038648/Pubs_basedon_TCIA_1218.xml?version=1&modificationDate=1544540096176&api=v2
https://wiki.cancerimagingarchive.net/download/attachments/19038648/Pubs_basedon_TCIA_1218.xml?version=1&modificationDate=1544540096176&api=v2
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Publications relating to specific data collections:

Collection: CT Colonography

Collection: Head-Neck Cetuximab

Collection: LIDC-IDRI

Collection: Mouse-Mammary

Collection: NLST

Collection: NSCLC-Radiomics

Collection: Phantom FDA

Collection: QIN Breast

Collection: Variations of dynamic contrast-enhanced magnetic resonance imaging in evaluation of breast cancer 
therapy response: a multicenter data analysis challenge (QIN Breast DCE-MRI)

Collection: QIN GBM DCE-MRI - Deprecated

Collection: QIN HeadNeck

Collection: QIN Prostate

Collection: QIN Sarcoma

Collection: REMBRANDT

Collection: RIDER Collections

Collection: A radiomics model from joint FDG-PET and MRI texture features for the prediction of lung metastases in 
soft-tissue sarcomas of the extremities (Soft-tissue-Sarcoma)
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Collection: SPIE-AAPM-NCI Lung Nodule Classification Challenge Dataset (SPIE-AAPM Lung CT Challenge)

Collection: SPIE-AAPM-NCI PROSTATEx Challenges (PROSTATEx)

Collection: TCGA-BRCA

Collection: TCGA-GBM

Collection: The Cancer Genome Atlas Kidney Renal Clear Cell Carcinoma Collection (TCGA-KIRC)

Collection: The Cancer Genome Atlas Low Grade Glioma Collection (TCGA-LGG)

Collection: The Cancer Genome Atlas Lung Adenocarcinoma Collection (TCGA-LUAD)

Collection: The Cancer Genome Atlas Lung Squamous Cell Carcinoma Collection (TCGA-LUSC)

Collection: Data from 4D Lung Imaging of NSCLC Patients (4D-Lung)
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TCIA General
Li, H., & Mueller, K. (2017). Low-dose CT streak artifacts removal using deep residual neural 
network. Fully 3D Image Reconstruction in Radiology and Nuclear Medicine. Xi'an: Stony Brook 
University. ( )link

Vidya, K., & Kurian, M. (2018). Novel framework for breast cancer classification for retaining 
. (15), 1-6. ( )computational efficiency and precise diagnosis Communications Applied Electronics, 7 link

Brassey, C. A., O'Mahoney, T. G., Chamberlain, A. T., & Sellers, W. I. (2017). A volumetric technique for 
. , 47-64. fossil body mass estimation applied to Australopithecus afarensis Journal of Human Evolution, 115

DOI:10.1016/j.jhevol.2017.07.014

Omotosho, A., Oluwatobi, A. E., Oluwaseun, O. R., Chukwuka, A. E., & Adekanmi, A. (2018). A neuro-fuzzy 
. based system for the classification of cells as cancerous or non-cancerous International Journal of Medical 

(5), 155-166. Retrieved from Research & Health Sciences, 7 http://www.ijmrhs.com/medical-research/a-
neurofuzzy-based-system-for-the-classification-of-cells-as-cancerous-or-noncancerous.pdf

Russell, P., Fountain, K., Wolverton, D., & Ghosh, D. (2018). TCIA pathfinder: An R client for The Cancer 
. . DOI:10.1158/0008-5472.CAN-18-0678Imaging Archive REST API Cancer Research

Bennett, W., Smith, K., Jarosz, Q., Nolan, T., & Bosch, W. (2018). Reengineering workflow for curation of 
. , 1-9. DOI:10.1007/s10278-018-0097-4DICOM datasets Journal of Digital Imaging

Yassine, A.-A., Kingsford, W., Xu, Y., Cassidy, J., Lilge, L., & Betz, V. (2018). Automatic interstitial 
. (2), 898-920. DOI:photodynamic therapy planning via convex optimization Biomedical Optics Express, 9

10.1364/BOE.9.000898

Sharma, M., Bhatt, J. S., & Joshi, M. V. (2018). Early detection of lung cancer from CT images: Nodule 
.  segmentation and classification using deep learning Tenth International Conference on Machine Vision. 10696

 Vienna: SPIE. DOI:10.1117/12.23095300W.

Saad, M., & Choi, T.-S. (2018). Computer-assisted subtyping and prognosis for non-small cell lung cancer 
. , 1-8. DOI:10.1016/j.patients with unresectable tumor Computerized Medical Imaging and Graphics, 67

compmedimag.2018.04.003

Nishio, M., Nishizawa, M., Sugiyama, O., Kojima, R., Yakami, M., Kuroda, T., Togashi, K. (2018). Computer 
. (4). aided diagnosis of lung nodule using gradient tree boosting and Bayesian optimization Plos One, 13

DOI:10.1371/journal.pone.0195875

Jenuwine, N. M., Mahesh, S. N., Furst, J. D., & Raicu, D. S. (2018). Lung nodule detection from CT scans 
.   using 3D convolutional neural networks without candidate selection Medical Imaging 2018. 1057539.

Houston: SPIE. DOI:10.1117/12.2293918

Gibson, E., Giganti, F., Hu, Y., Bonmati, E., Bandula, S., Gurusamy, K., Davidson, B., Pereira, S. P., Clarkson, 
M. J., Barratt, D. C. (2018). . Automatic multi-organ segmentation on abdominal CT with dense v-networks I

 DOI:10.1109/TMI.2018.2806309EEE Transaction on Medical Imaging.

Edwards, S., Brown, S., & Lee, M. (2018). . Automated 3-D tissue segmentation via clustering Journal of 
(2). DOI:10.14738/jbemi.52.4204Biomedical Engineering and Medical Imaging, 5

Chacko, L. J., Schmidbauer, D. T., Handschuh, S., Reka, A., Fritscher, K. D., Raudaschl, P., Saba, R., Handler, 
M., Schier, P. P., Baumgarten, D., Fischer, N., Pechriggl, E. J., Brenner, E., Hoermann, R., Glueckert, R., Schrott-
Fischer, A. (2018). . Analysis of vestibular labyrinthine geometry and variation in the human temporal bone

. DOI:10.3389/fnins.2018.00107Frontiers in Neuroscience, 12

Causey, J., Zhang, J., Ma, S., Jiang, B., Qualls, J., Politte, D. G., Prior, F., Zhang, S., Huang, X. (2018). Highly 
. Retrieved from accurate model for prediciton of lung nodule malignancy with CT scans https://arxiv.org/ftp

/arxiv/papers/1802/1802.01756.pdf

Gillmann, C., Arbelaez, P., Penaloza, J. T., Hagen, H., & Wischgoll, T. (2017). Intuitive error space 
. exploration of medical image data in clinical daily routine Eurographics Conference on Visualization 

2017 DOI:(EuroVis) . 10.2312/eurovisshort.20171148

http://www3.cs.stonybrook.edu/~mueller/papers/Fully 3D 2017.pdf
https://www.caeaccess.org/archives/volume7/number15/vidya-2018-cae-652760.pdf
http://doi.org/10.1016/j.jhevol.2017.07.014
http://www.ijmrhs.com/medical-research/a-neurofuzzy-based-system-for-the-classification-of-cells-as-cancerous-or-noncancerous.pdf
http://www.ijmrhs.com/medical-research/a-neurofuzzy-based-system-for-the-classification-of-cells-as-cancerous-or-noncancerous.pdf
https://arxiv.org/ftp/arxiv/papers/1802/1802.01756.pdf
https://arxiv.org/ftp/arxiv/papers/1802/1802.01756.pdf
http://doi.org/10.2312/eurovisshort.20171148
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Jinu, J., Rajesh, K. R., Pournami, S. C., & Vidya, P. (2017). Interactive 3D Virtual Colonoscopic Navigation 
.  , 407-414. DOI:10.1016/j.procs.For Polyp Detection From CT Images Procedia Computer Science, 115

2017.09.099

Ghosh, D., & Bandyopadhyay, S. K. (2017).  . Brain tumor detection from MRI image: An approach Internatio
(6), 1152-1159.  Retrieved from nal Journal of Applied Research, 3 https://pdfs.semanticscholar.org/1916

/f00997b627213b46c874a9a133ee8b6fa92e.pdf

Vallières, M., Laberge, S., Diamant, A., & El Naqa, I. (2017). Enhancement of multimodality texture-based 
prediction models via optimization of PET and MR image acquisition protocols: a proof of concept. Physics 
in Medicine and Biology, 62(22), 8536-8565.

Mitra, S., Banerjee, S., & Hayashi, Y. (2017). Volumetric brain tumour detection from MRI using visual 
. (J. Najbauer, Ed.)  (11). saliency PLOS One, 12 10.1371/journal.pone.0187209

Gueziri, H.-E. (2017). User-centered design and evaluation of interactive segmentation methods for medical 
. Montreal: École de technologie supérieure du Quebec.  Retrieved from images http://espace.etsmtl.ca/1959/2

/GUEZIRI_Houssem-Eddine-web.pdf

Lan, R., Zhong, S., Liu, Z., Shi, Z., & Luo, X. (2017).  . A simple texture feature for retrieval of medical images
.  DOI:Multimedia Tools and Applications 10.1007/s11042-017-5341-2

Prior, F., Smith, K., Sharma, A., Kirby, J., Tarbox, L., Clark, K., Bennett, W., Nolan, T., Freymann, J. (2017). Th
 1-7.e public cancer radiology imaging collections of The Cancer Imaging Archive. Nature Scientific Data, 4;  

DOI:10.1038/sdata.2017.124

Kohli, M., Morrison, J. J., Wawira, J., Morgan, M. B., & Hostetter, J., Genereaux, B., Hussain, M., Langer S. G. 
(2017).  . Creation and curation of the society of imaging informatics in medicine hackathon dataset Journal 

, 1-4. DOI:of Digital Imaging 10.1007/s10278-017-0003-5

Williamson, J.F., Das, S.K., Goodsitt, M.S., Deasy, J.O. (2017). Introducing the Medical Physics Dataset 
. . (2); 349-350. DOI:Article Med. Phys 44 10.1002/mp.12003

Nida, N; Khan, M. (2016).  . Efficient Colorization of Medical Imaging based on Colour Transfer Method U.
(4); 253-261. ( )G. Proceedings of the Pakistan Academy of Sciences: B. Life and Environmental Sciences, 53 link

Kalpathy-Cramer, J., Zhao, B., Goldgof, D., Gu, Y., Wang, X., Yang, H., Tan, Y., Gillies, R., Napel, S. (2016). A 
Comparison of Lung Nodule Segmentation Algorithms: Methods and Results from a Multi-institutional 

. (4):476-487. DOI:Study J Digit Imaging29 10.1007/s10278-016-9859-z

Parks, C.L., Monson, K.L. (2016). Automated Facial Recognition of Computed Tomography-Derived Facial 
. . 1-11. DOI:Images: Patient Privacy Implications Journal of Digital Imaging 10.1007/s10278-016-9932-7

Huang, B.E., Mulyasasmita, W., Rajagopal, G. (2016). The Path from Big Data to Precision Medicine.Expert 
(2):129-143. ( )Review of Precision Medicine and Drug Development,1 link

Chatellier, G., Varlet, V., Blachier-Poisson, C. (2016). "Big data" and "open data": What kind of access 
should researchers enjoy? .Therapie   (1); 97-105, 107-114.( )71 link

Benedict, S.H., Hoffman K., Martel, M.K., Abernethy, A.P., Asher, A.L., Capala, J., Chen, R.C., Chera, B., 
Couch, J., Deye, J., Efstathiou, J.A., Ford, E., Fraass, B.A., Gabriel, P.E., Huser, V., Kavanagh, B.D., Khuntia, 
D., Marks, L.B., Mayo, C., McNutt, T., Miller, R.S., Moore, K.L., Prior, F., Roelofs, E., Rosenstein, B.S., Sloan, 
J., Theriault, A., Vikram, B. (2016). Overview of the American Society for Radiation Oncology–National 
Institutes of Health–American Association of Physicists in Medicine Workshop 2015: Exploring 
Opportunities for Radiation Oncology in the Era of Big Data.International Journal of Radiation Oncology: 

(3):873-879 ( )Biology, Physics. 95 link

Toga, A.W., Dinov, I.D. (2015). . 2(1); 1-12. ( )Sharing big biomedical data. Journal of Big Data link

Moore, S.M., Maffitt, D.R., Smith, K.E., Kirby, J.S., Clark, K.W., Freymann, J.B., Vendt, B.A., Tarbox, L.R., 
Prior, F.W. (2015).  . De-identification of Medical Images with Retention of Scientific Research Value RadioG

. 35(3); 727-35. DOI: .raphics 10.1148/rg.2015140244

Mayo, C.S., Deasy, J.O., Chera, B.S., Freymann, J., Kirby, J.S., Hardenberg, P.H. (2016). How Can We Effect 
Culture Change Toward Data-Driven  ?Medicine International Journal of Radiation Oncology: Biology, 
Physics. 95(3); 916-21. ( )link

https://pdfs.semanticscholar.org/1916/f00997b627213b46c874a9a133ee8b6fa92e.pdf
https://pdfs.semanticscholar.org/1916/f00997b627213b46c874a9a133ee8b6fa92e.pdf
http://dx.doi.org/10.1371/journal.pone.0187209
http://espace.etsmtl.ca/1959/2/GUEZIRI_Houssem-Eddine-web.pdf
http://espace.etsmtl.ca/1959/2/GUEZIRI_Houssem-Eddine-web.pdf
http://dx.doi.org/10.1007/s11042-017-5341-2
http://dx.doi.org/10.1038/sdata.2017.124
http://doi.org/10.1007/s10278-017-0003-5
http://dx.doi.org/10.1002/mp.12003
http://www.paspk.org/wp-content/uploads/2016/12/Efficient-Colorization-of-Medical-Imaging.pdf
http://dx.doi.org/10.1007/s10278-016-9859-z
http://dx.doi.org/10.1007/s10278-016-9932-7
http://dx.doi.org/10.1080/23808993.2016.1157686
http://dx.doi.org/10.1016/j.therap.2016.01.005
http://dx.doi.org/10.1016/j.ijrobp.2016.03.006
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC4768816/pdf/40537_2015_Article_16.pdf
http://doi.org/10.1148/rg.2015140244
http://dx.doi.org/10.1016/j.ijrobp.2015.12.355
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Kirby, J., Tarbox, L., Freymann, J., Jaffe, C., Prior, F. (2015). "TU-AB-BRA-03: The Cancer Imaging 
Archive: Supporting Radiomic and Imaging Genomic Research with Open-Access Data Sets."Medical 

(6): 3587-3587.  DOI:physics 42 10.1118/1.4925508

GIllies, R.J., Kinahan, P.E., Hricak, H., (2016).  :   Are   than  , They Are  .Radiomics Images More Pictures Data Ra
 ( )diology,  (2); 563-77.278 link

Fedorov, A., Clunie, D., Ulrich, E., Bauer, C., Wahle, A., Brown, B., Onken, M., Riesmeier, J., Pieper, S., 
Kikinis, R., Buatti, J., Beichel, R.R. (2016). DICOM for quantitative imaging biomarker development: A 
standards based approach to sharing of clinical data and structured PET/CT analysis results in head and 

(e2057). ( )neck cancer research. PeerJ, 4 link

Commean, P.K., Rathmell, J.M., Clark, K.W., Maffitt, D.R., Prior, F.W. (2015). A Query Tool for Investigator 
. . 1-9. ( )Access to the Data and Images of the National Lung Screening Trial Journal of Digital Imaging paper

Bourne, P.E. (2015).  . 275(1); 3-DOIs for DICOM Raw Images: Enabling Science Reproducibility. Radiology
4. . link

Armato, S.G., Hadjiiski, L., Tourassi, G.D., Drukker, K., Giger, M.L., Li, F., Redmond, G., Farahani, K., Kirby, J.
S., Clarke, L.P. (2015). Special Section Guest Editorial: LUNGx Challenge for computerized lung nodule 

. (2); DOI:classification: reflections and lessons learned Journal of Medical Imaging. 2 10.1117/1.JMI.
2.2.020103

Herskovits, E.H. (2014).  . Quantitative Radiology: Applications to Oncology Emerging Applications of 
1-30. ( )Molecular Imaging to Oncology. 124;  10.1016/B978-0-12-411638-2.00001-X

Gutman, D.A., Dunn Jr., W.D., Cobb, J., Stoner, R.M., Kalpathy-Cramer, J., Erickson, B. (2014) Web based 
. tools for visualizing imaging data and development of XNATView, a zero footprint image viewer Frontiers 

. 8. ( )in Neuroinformatics paper

Erickson, B.J., Fajnwaks, P., Langer, S.G., and Perry, J. (2014) Multisite Image Data Collection and 
, , 7(1); 36-39. ( )Management Using the RSNA Image Sharing Network. Translational oncology paper

Prior, F.W., Clark, K., Commean, P., Freymann, J., Jaffe, C., Kirby, J., Moore, S., Smith, K., Tarbox, L., Vendt, 
B. (2013)  e. TCIA: an information resource to enable open scienc Engineering in Medicine and Biology 

)Society (EMBC), 2013 35th Annual International Conference of the IEEE.(paper

Clark, K., Vendt, B., Smith, K., Freymann, J., Kirby, J., Koppel, P., Moore, S., Phillips, S., Maffitt, D., Pringle, 
M., Tarbox, L., Prior, F. (2013). The Cancer Imaging Archive (TCIA): Maintaining and Operating a Public 

, , (6), 1045-1057. ( )Information Repository Journal of Digital Imaging 26 10.1007/s10278-013-9622-7

Villani, L., and Prati, R.C. (2012). Classificação Multirrótulo na Anotação Automática de Nódulo Pulmonar 
Citado na. ( )Solitário.Congresso Brasileiro de Informática em Saúde,  paper

Mongkolwat, P., Channin, D.S., Kleper, V., Rubin, D.L. (2012). Informatics in Radiology: An Open-Source 
and Open-Access Cancer Biomedical Informatics Grid Annotation and Image Markup Template Builder. R

32(4); 1223-32. ( ).adiographics,  10.1148/rg.324115080

Jaffe, C.C. (2012).  . 264(2); 329-31.(Imaging and Genomics: Is There a Synergy?Radiology 10.1148/radiol.
).12120871

Freymann, J.B., Kirby, J.S., Perry, J.H., Clunie, D.A., Jaffe, C.C. (2012). Image data sharing for biomedical 
25(1). 14-24. (research—meeting HIPAA requirements for de-identification. Journal of Digital Imaging,  PM

)C3264712

http://dx.doi.org/10.1118/1.4925508
http://dx.doi.org/10.1148/radiol.2015151169
http://dx.doi.org/10.7717/peerj.2057
http://link.springer.com/article/10.1007/s10278-015-9785-5
http://dx.doi.org/10.1148/radiol.15150144
https://wiki.cancerimagingarchive.net/www.dx.doi.org/10.1117/1.JMI.2.2.020103
https://wiki.cancerimagingarchive.net/www.dx.doi.org/10.1117/1.JMI.2.2.020103
http://dx.doi.org/10.1016/B978-0-12-411638-2.00001-X
http://www.ncbi.nlm.nih.gov/pmc/articles/PMC4034701/pdf/fninf-08-00053.pdf
http://www.ncbi.nlm.nih.gov/pmc/articles/PMC3998697/
https://wiki.cancerimagingarchive.net/download/attachments/19038648/06609742.pdf?version=1&modificationDate=1417044470146&api=v2
https://doi.org/10.1007/s10278-013-9622-7
http://www.sbis.org.br/cbis2012/arquivos/682.pdf
http://pubs.rsna.org/doi/abs/10.1148/rg.324115080
http://pubs.rsna.org/doi/full/10.1148/radiol.12120871
http://pubs.rsna.org/doi/full/10.1148/radiol.12120871
http://www.ncbi.nlm.nih.gov/pmc/articles/PMC3264712/
http://www.ncbi.nlm.nih.gov/pmc/articles/PMC3264712/
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Radiogenomics
Li, Z.-C., Bai, H., Sun, Q., Zhao, Y., Lv, Y., Zhou, J., Liang, C., Chen, Y., Liang, D., Zheng, H. (2018). Multiregi
onal radiomics profiling from multiparametric MRI: Identifying an imaging predictor of IDH1 mutation 

 Cancer Medicine. DOI:   status in glioblastoma. 10.1002/cam4.1863

Jansen, R. W., van Amstel, P., Martens, R. M., Kooi, I. E., Wesseling, P., de Langen, A. J., Menke-Van der 
Houven van Oordt, C. W., Jansen, B. H. E., Moll, A. C., Dorsman, J., Castelijns, J., de Graff, P., de Jong, M. C. 
(2018). Non-invasive tumor genotyping using radiogenomic biomarkers, a systematic review and oncology-

. (28), 20134-20155. DOI:   wide pathway analysis Oncotarget, 9 10.18632/oncotarget.24893

Alessandrino, F., Shinagare, A. B., Bosse, D., Choueiri, T. K., Krajewski, K. M. (2018). Radiogenomics in renal 
. (2), 464-471. DOI:  (also published in Abdominal cell carcinoma Radiology, 270 10.1148/radiol.13130663

Radiology, DOI:   )10.1007/s00261-018-1624-y

Lee, J., Cui, Y., Sun, X., Li, B., Wu, J., Li, D., Gensheimer, M. F., Loo Jr., B. W., Diehn, M., Li, R. (2017). Prog
nostic value and molecular correlates of a CT image-based quantitative pleural contact index in early stage 

.  , 1-11.    DOI:NSCLC European Radiology 10.1007/s00330-017-4996-4

Smits, M., & van den Bent, M. J. (2017). 284(2). Imaging correlates of adult glioma genotypes. Radiology, 
DOI: 10.1148/radiol.2017151930

Lehrer, M., Bhadra, A., Ravikumar, V., Chen, J. Y., Wintermark, M., Hwang, S. N., Holder, C. A., Huang, E. P., 
Fevrier-Sullivan, B., Freymann, J. B., Rao, A., & TCGA Glioma Phenotype Research Group. (2017). Multiple-
response regression analysis links magnetic resonance imaging features to de-regulated protein expression 

. , 57-66. doi:and pathway activity in lower grade glioma Oncoscience, 4 10.18632/oncoscience.353

Demerath, T., Simon-Gabriel, C.P., Kellner, E., Schwarzwald, R., Lange, T., Heiland, D.H., Reinacher, P., 
Staszewski, O., Mast, H., Kiselev, V.G., Egger, K., Urbach, H., Weyerbrock, A., Mader, I. (2017). Mesoscopic 
imaging of glioblastomas: Are diffusion, perfusion and spectroscopic measures influenced by the 

30(1); 36-47. DOI:radiogenetic phenotype? Neuroradiology Journal,  10.1177/1971400916678225
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https://wiki.cancerimagingarchive.net/pages/viewpage.action?pageId=19039112
https://wiki.cancerimagingarchive.net/display/DOI/TCGA+Breast+Phentotype+Research+Group+Data+sets
https://wiki.cancerimagingarchive.net/display/DOI/A+new+2.5D+representation+for+lymph+node+detection+in+CT
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20.  Vallières M, Freeman CR, et al. (2015). Data from: A radiomics model from joint FDG-PET and MRI 
 TCIA. Saint texture features for the prediction of lung metastases in soft-tissue sarcomas of the extremities.

Louis, MO. ( )link
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. (DRO) for Optimizing Dynamic Susceptibility Contrast (DSC)-MRI Methods for Clinical Trials
TOMOGRAPHY, 2017; 3(1)41-9. doi: 10.18383/j.tom.2016.00286

Farahani K, Kalpathy-Cramer J, Chenevert TL, et al. Computational Challenges and Collaborative Projects in 
. Tomography, 2016;2(4):242-9. DOI: )the NCI Quantitative Imaging Network 10.18383/j.tom.2016.00265

Kalpathy-Cramer J, Mamomov A, Zhao B,et al.. Radiomics of Lung Nodules: A Multi-Institutional Study of 
. Tomography,2016;2(4):430-7. doi: Robustness and Agreement of Quantitative Imaging Features 10.18383/j.

.tom.2016.00235

Huang, W., X. Li, et al. (2014). "Variations of dynamic contrast-enhanced magnetic resonance imaging in 
 Transl Oncol 7(1): evaluation of breast cancer therapy response: a multicenter data analysis challenge."

153-166. ( )link

Kalpathy-Cramer J, Freymann JB, Kirby JS, et al. Quantitative Imaging Network: Data Sharing and 
 Translational Oncology. 2014 Competitive Algorithm Validation Leveraging The Cancer Imaging Archive

Feb;7(1):147-52. DOI: 10.1593/tlo.13862. ( )link

Clarke LP, Nordstrom RJ, Zhang H, Tandon P, et al. The Quantitative Imaging Network: NCI’s Historical 
 Translational Oncology. 2014 Feb;7(1):1-4. DOI: . ( )Perspective and Planned Goals 10.1593/tlo.13832 link

Levy MA, Freymann JB, Kirby JS, et al. Informatics methods to enable sharing of quantitative imaging 
 Magnetic Resonance Imaging. 2012 Nov;30(9):1249-56. DOI: 10.1016/j.mri.2012.04.007. Epub research data.

2012 Jul 6. ( )link

http://dx.doi.org/10.18383/j.tom.2016.00286
http://dx.doi.org/10.18383/j.tom.2016.00265
http://doi.org/10.18383/j.tom.2016.00235
http://doi.org/10.18383/j.tom.2016.00235
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http://www.ncbi.nlm.nih.gov/pubmed/22770688
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Collection: CT Colonography

Lin AY, Du P, Dinning PG, Arkwright JW, Kamp JP, Cheng LK, Bissett IP, O'Grady G. High resolution 
. anatomic correlation of cyclic motor patterns in the human colon: Evidence of a rectosigmoid brake Ameri

. 2017;312(5):G508-G15. DOI: can Journal of Physiology-Gastrointestinal and Liver Physiology 10.1152/ajpgi.
.00021.2017

Gayathri DK, Radhakrishnan R, Rajamani K. Segmentation of colon and removal of opacified fluid for virtual 
. Pattern Analysis and Applications. 2017:1-15. DOI: colonoscopy 10.1007/s10044-017-0614-y

Pang S, Yu Z, Orgun MA. A Novel End-to-End Classifier Using Domain Transferred Deep Convolutional 
. . 2017. ( )Neural Networks for Biomedical Images Computer Methods and Programs in Biomedicine link

Yahya-Zoubir B, Hamami L. et al. Automatic 3D Mesh-Based Centerline Extraction from a Tubular 
. Information Technology and Control, 2016. 45(2):156-163. ( )Geometry Form link

Alazmani A, Hood A, et al. Quantitative Assessment of Colorectal Morphology: Implications for Robotic 
. Medical Engineering and Physics, 2016. 38(2):148-154. ( )Colonoscopy link

Gayathri Devi K, Radhakrishnan R. Automatic Segmentation of Colon in 3D CT Images and Removal of 
 Computational and Mathematical Methods in Opacified Fluid Using Cascade Feed Forward Neural Network.

Medicine. 2015;2015.

Namías R, et al.,  . Computerized Automatic rectum limit detection by anatomical markers correlation
Medical Imaging and Graphics, 2014. 38(4):245-250.( )link

Boone DJ, Halligan S, Roth HR, et al., CT Colonography: External Clinical Validation of an Algorithm for 
. Radiology, 2013. 268(3):752-760.( )Computer-assisted Prone and Supine Registration link

Roth HR, et al., External clinical validation of prone and supine CT colonography registration 
. Computational and Clinical Applications 2012, Springer. 7601:10-19.( )in Abdominal Imaging link

https://wiki.cancerimagingarchive.net/x/DQE2
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http://dx.doi.org/10.1152/ajpgi.00021.2017
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http://dx.doi.org/10.1016/j.medengphy.2015.11.018
http://www.cifasis-conicet.gov.ar/namias/Files/Publicaciones/NamiasRecto.pdf
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Collection:    CetuximabHead-Neck

Gruselius, H. (2018). Generative models and feature extraction on patient images and structure data in 
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3A1215620&dswid=2429

Scarpelli, M., Eickhoff, J., Cuna, E., Perlman, S., & Jeraj, R. (2018). Optimal transformations leading to 
. normal distributions of positron emission tomography standardized uptake values Physics in Medicine & 

(3), 035021. DOI:Biology, 63  10.1088/1361-6560/aaa175

Ryalat MH, Laycock S, Fisher M, editors. Automatic Removal of Mechanical Fixations from CT Imagery 
. International Conference on Bioinformatics and Biomedical Engineering; with Particle Swarm Optimisation

2017: Springer. DOI: 10.1007/978-3-319-56148-6_37
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. . DOI: quantitative imaging: Report of the AAPM practical big data workshop Medical Physics 10.
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Sumathipala, Y., Shafiq, M., Bongen, E., Brinton, C., & Paik, D. (2018). Machine learning to predict lung 
. . nodule biopsy method using CT image features: A pilot study Computerized Medical Imaging and Graphics

doi: 10.1016/j.compmedimag.2018.10.006

Cha J, Farhangi MM, Dunlap N, Amini AA. Segmentation and tracking of lung nodules via
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. Neural Computing and Applications. DOI:  convolutional deep and wide network (CDWN) 10.1007/s00521-
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tps://arxiv.org/pdf/1806.05034.pdf
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.   (pp. 586-597). Springer. image segmentation International Conference on Intelligent Computing 10.1007/978-3-
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MC Hancock, JF Magnan. Predictive capabilities of statistical learning methods for lung nodule malignancy 
classification using diagnostic image features: an investigation using the Lung Image Database Consortium 

 Proc. SPIE Medical Imaging: Computer-Aided Diagnosis (2017). International Society for Optics and dataset.
Photonics. DOI: 10.1117/12.2254446

Wang, D; Fong, S; Wong, RK.; Mohammed, S; Fiaidhi, J; Wong, KKL. Robust High-dimensional 
 Scientific Reports 7, article number 43167 DOI: Bioinformatics Data Streams Mining by ODR-ioVFDT. 10.10
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 International Journal of Current Trends in Engineering & Research. 2016;2(7):215-9. ( )Method. link

Setio AAA, Traverso A, de Bel T, Berens MS, Bogaard Cvd, Cerello P, Chen H, Dou Q, Fantacci ME, Geurts B. 
Validation, comparison, and combination of algorithms for automaticdetection of pulmonary nodules in 

. arXiv preprint . 2016:1-16.computed tomography images: the LUNA16 challenge arXiv:161208012

Firmino M, Angelo G, et al. Computer-aided Detection (CADe) and Diagnosis (CADx) System for Lung 
 Biomed Eng Online (2016) 15(1):2 ( )Cancer with Likelihood of Malignancy link

Deep G, Kaur L, et al. Directional Local Ternary Quantized Extrema Pattern: A new descriptor for 
 Eng Sci and Tech, an International Journal (2016) ( )Biomedical Image Indexing and Retrieval link

Wang W, Luo J, Yang X, Lin H. Data Analysis of the Lung Imaging Database Consortium and Image 
. Academic Radiology. 2015.Database Resource Initiative

Sivakumar, S. and C. Chandrasekar (2015). "A Novel Noise Removal Method for Lung CT SCAN Images 
 International Journal of Algorithms Design and Analysis 1(1).Using Statistical Filtering Techniques."

Shen S, Bui AA, Cong J, Hsu W. An automated lung segmentation approach using bidirectional chain codes 
. Computers in biology and medicine. 2015;57:139-49.to improve nodule detection accuracy
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Messay T, Hardie RC, Tuinstra TR. Segmentation of Pulmonary Nodules in Computed Tomography Using a 
Regression Neural Network Approach and its Application to the Lung Image Database Consortium and 

. Medical Image Analysis. 2015.( )Image Database Resource Initiative Dataset paper

Magdy, E., N. Zayed, et al. Automatic Classification of Normal and Cancer Lung CT Images using Multi-
. Intl Journal of Biomedical Imaging, 2015. scale AM-FM Features (link)

Lassen BC, Jacobs C, et al. Robust Semi-automatic Segmentation of Pulmonary Subsolid Nodules in Chest 
. Phys Med Biol (2015) 60(3):1307-1323. ( )Computed Tomography Scans link

Kumar, D., M. J. Shafiee, et al.  arXiv e-Discovery Radiomics for Computed Tomography Cancer Detection.
print, 2015. (arXiv link)

Demir, Ö. and A. Ylmaz Çamurcu (2015). "Computer-aided detection of lung nodules using outer surface 
 Bio-Medical Materials and Engineering 26(s1): 1213-1222.features."

Kumar, A., F. Nette, et al. (2014). "A Visual Analytics Approach using the Exploration of Multi-
IEEE J Biomed Health Inform Dimensional Feature Spaces for Content-based Medical Image Retrieval  

(2014) 19(5):1734:1746 ( )pubmed link

Sivakumar S and Chandrasekar C, Lung nodule detection using fuzzy clustering and support vector 
 International Journal of Engineering and Technology, 2013. 5(1):179-185.( )machines. link

Gavrielides MA, Zeng R, Myers KJ, Sahiner B, Petrick N. Benefit of overlapping reconstruction for 
 Academic Radiology, 2013. 20(2):173-improving the quantitative assessment of CT lung nodule volume.

180. DOI: 10.1016/j.acra.2012.08.014. ( )link

Aggarwal P, Vig R, and Sardana H Patient-Wise Versus Nodule-Wise Classification of Annotated Pulmonary 
 Journal of Computers, 2013. 8(9):2245-2255. ( )Nodules using Pathologically Confirmed Cases. link

Sivakumar S and Chandrasekar C,  Recent Advances in Lungs image segmentation through weighted FCM.
Computing and Software Systems (RACSS), 2012 International Conference. 25-27 April 2012 pages 109-113. 
IEEE. DOI:10.1109/RACSS.2012.6212707 ( )link

Armato S, et al.,   Int J CARS, 2012. 7(1):S111-S115.Collaborative projects.

Diciotti S, Lombardo S, Falchini M, Picozzi G, Mascalchi M. Automated segmentation refinement of small 
 Biomedical Engineering, IEEE Transactions. 2011. 58(12):lung nodules in CT scans by local shape analysis.

3418-3428. DOI: 10.1109/TBME.2011.2167621. ( )link

Raicu DS, Varutbangkul E, Furst JD, Armato SG III: Modeling semantics from image data: Opportunities 
. International Journal of Biomedical Engineering and Technology 3: 83–113, 2010.from LIDC

Zinovev D, Duo Y, Raicu DS, Furst JD, Armato SG III: Consensus versus disagreement in imaging research: 
. Journal of Digital Imaging 25: 423–436, 2012.A case study using the LIDC Database
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2.  

3.  
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Armato III SG, McLennan G, Bidaut L, McNitt-Gray MF, Meyer CR, Reeves AP, Zhao B, Aberle DR, 
Henschke CI, Hoffman EA, Kazerooni EA, MacMahon H, van Beek EJR, Yankelevitz D, et al.:The Lung 
Image Database Consortium (LIDC) and Image Database Resource Initiative (IDRI): A completed 

Medical Physics, 38: 915–931, 2011. ( )reference database of lung nodules on CT scans. link

Armato SG III, McLennan G, McNitt-Gray MF, Meyer CR, Yankelevitz D, Aberle DR, Henschke CI, 
Hoffman EA, Kazerooni EA, MacMahon H, Reeves AP, Croft BY, Clarke LP, The Lung Image Database 
Consortium Research Group: Lung Image Database Consortium: Developing a resource for the 

. Radiology 232: 739–748, 2004.medical imaging research community

Meyer CR, Johnson TD, McLennan G, Aberle DR, Kazerooni EA, MacMahon H, Mullan BF, Yankelevitz 
DF, van Beek EJR, Armato SG III, McNitt-Gray MF, Reeves AP, Gur D, Henschke CI, Hoffman EA, Bland 
PH, Laderach G, Pais R, Qing D, Piker C, Guo J, Starkey A, Max D, Croft BY, Clarke LP: Evaluation of 

. Academic Radiology 13: 1254–1265, lung MDCT nodule annotation across radiologists and methods
2006.
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http://dx.doi.org/10.1155/2015/230830
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Armato SG III, McNitt-Gray MF, Reeves AP, Meyer CR, McLennan G, Aberle DR, Kazerooni EA, 
MacMahon H, van Beek EJR, Yankelevitz D, Hoffman EA, Henschke CI, Roberts RY, Brown MS, 
Engelmann RM, Pais RC, Piker CW, Qing D, Kocherginsky M, Croft BY, Clarke LP: The Lung Image 
Database Consortium (LIDC): An evaluation of radiologist variability in the identification of lung 

. Academic Radiology 14: 1409–1421, 2007.nodules on CT scans

Armato SG III, Roberts RY, McNitt-Gray MF, Meyer CR, Reeves AP, McLennan G, Engelmann RM, Bland 
PH, Aberle DR, Kazerooni EA, MacMahon H, van Beek EJR, Yankelevitz D, Croft BY, Clarke LP: The 

 Academic Lung Image Database Consortium (LIDC): Ensuring the integrity of expert-defined “truth.”
Radiology 14: 1455–1463, 2007.

McNitt-Gray MF, Armato SG III, Meyer CR, Reeves AP, McLennan G, Pais R, Freymann J, Brown MS, 
Engelmann RM, Bland PH, Laderach GE, Piker C, Guo J, Towfic Z, Qing DP, Yankelevitz DF, Aberle DR, 
van Beek EJR, MacMahon H, Kazerooni EA, Croft BY, Clarke LP: The Lung Image Database Consortium 

. Academic Radiology 14: 1464–(LIDC) data collection process for nodule detection and annotation
1474, 2007.

Reeves AP, Biancardi AM, Apanasovich TV, Meyer CR, MacMahon H, van Beek EJR, Kazerooni EA, 
Yankelevitz DF, McNitt-Gray MF, McLennan G, Armato SG III, Henschke CI, Aberle DR, Croft BY, Clarke 
LP: The Lung Image Database Consortium (LIDC): A comparison of different size metrics for 

. Academic Radiology 14: 1475–1485, 2007.pulmonary nodule measurements

Armato SG III, Roberts RY, Kocherginsky M, Aberle DR, Kazerooni EA, MacMahon H, van Beek EJR, 
Yankelevitz DF, McLennan G, McNitt-Gray MF, Meyer CR, Reeves AP, Caligiuri P, Quint LE, Sundaram 
B, Croft BY, Clarke LP: Assessment of radiologist performance in the detection of lung nodules: 

 Academic Radiology 16: 28–38, 2009.Dependence on the definition of “truth”.
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These refer to the Mouse-Mammary Collection data, created before submission to TCIA

Jansen SA et al, NMR Biomed. 2011 Aug;24(7):880-7. 

Jansen SA et al, Breast Cancer Res. 2009;11(5):R65. 

Jansen SA et al, Radiology. 2009 Nov;253(2):399-406.

Jansen SA et al, Phys Med Biol. 2008 Oct 7;53(19):5481-93.

Jansen SA., Ductal carcinoma : magnetic resonance and ultrasound imaging in mouse  in situ
 ( ).models of breast cancer Mouse.Mammary.MRI.Ultrasound.Summary.pdf

Jansen S.,   (Investigating genetic events in the progression of ductal carcinoma in situ Mouse.
).Mammary.Genetics.DCIS.pdf

https://wiki.cancerimagingarchive.net/display/Public/Mouse-Mammary
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Please see  to browse publications from this Data Collection.List of NLST Publications at NIH

https://biometry.nci.nih.gov/cdas/nlst/
https://biometry.nci.nih.gov/cdas/publications/?s=-publication_year&request_types.raw=NLST
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L Yang, J Yang, X Zhou, L Huang, W Zhao, T Wang, J Zhuang, J Tian. (2018) Development of a radiomics 
nomogram based on the 2D and 3D CT features to predict the survival of non-small cell lung cancer 

 European Radiology, 2018 DOI:  patients. 10.1007/s00330-018-5770-y

Lee, J., Cui, Y., Sun, X., Li, B., Wu, J., Li, D., Gensheimer, M. F., Loo Jr., B. W., Diehn, M., Li, R. (2017). Prog
nostic value and molecular correlates of a CT image-based quantitative pleural contact index in early stage 

.  , 1-11. DOI:    NSCLC European Radiology 10.1007s00330-017-4996-4

Soufi M, Arimura H, Nakamoto T, Hirose T-A, Ohga S, Umezu Y, Honda H, Sasaki T. (2018). Exploration of 
temporal stability and prognostic power of radiomic features based on electronic portal imaging device 

. :32-44. DOI: images Physica Medica, 46 10.1016/j.ejmp.2017.11.037

Patil R, Mahadevaiah G, Dekker A. An Approach Toward Automatic Classification of Tumor 
. Tomography: a journal for Histopathology of Non–Small Cell Lung Cancer Based on Radiomic Features

imaging research. 2016;2(4):374-7. ( )link
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https://link.springer.com/article/10.1007/s00330-017-4996-4
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Peskin AP, Dima AA, Saiprasad G. An Automated Method for Locating Phantom modules in 
 The 2012 International Conference on Image Processing, Anthropomorphic Thoracic Phantom CT Studies.

Computer Vision, and Pattern Recognition. 2012.( )link

Gavrielides MA, Kinnard LM, Myers KJ ,Peregoy J, Pritchard WF, Zeng R, Esparza J, Karanian J, Petrick N, A 
resource for the assessment of lung nodule size estimation methods: database of thoracic CT scans of an 

 Optics Express , vol. 18, n.14, pp. 15244-15255, 2010. ( )anthropomorphic phantom, link
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Collection: QIN Breast

Mohammed Ammar, Saïd Mahmoudi, Drisis Stylianos. Breast Cancer Response Prediction in Neoadjuvant 
. Procedia Computer Science, Volume 100, 2016, Pages Chemotherapy Treatment Based on Texture Analysis

812-817, ISSN 1877-0509, DOI: 10.1016/j.procs.2016.09.229

Li X, Abramson RG, Arlinghaus LR, Kang H, Chakravarthy AB, Abramson VG, Farley J, Mayer IA, Kelley MC, 
Meszoely IM, Means-Powell J, Grau AM, Sanders M, Yankeelov TE. Multiparametric magnetic resonance 
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